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Abstract: Multiple combinations of ventricular fibrillation electrocardiogram features can improve the accuracy of defibrilla-
tion outcome prediction. However, when algorithms are deployed on embedded devices with limited hardware resources, computational
capacity becomes constrained. Additionally, there may be redundancy among ventricular fibrillation electrocardiogram features,
leading to inefficient use of computational resources. To address these issues, this study proposes a defibrillation outcome prediction
algorithm that integrates rough set theory and a radial basis function (RBF) neural network. First, ventricular fibrillation electrocar-
diogram features are extracted from the ventricular fibrillation electrocardiogram waveform dataset. Then, an attribute reduction
algorithm based on attribute importance is applied to reduce redundant features. Finally, the reduced ventricular fibrillation electro-
cardiogram feature dataset is used to train the RBF neural network for defibrillation outcome prediction. Experimental results demon-
strate that this algorithm effectively reduces model storage requirements while improving prediction speed and accuracy.
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