= 4R IR

ARSI AR EWI], 2T R A 2 T PR B A R T BRI FE 250 [3]. B Bh A6 515 8 TR, 2024,45(5):1-9;13.
YAN Mingming, LI Ning, TANG Zimin, et al. Overview of fault prediction technology for vertical elevators[J].
Automation & Information Engineering, 2024,45(5):1-9;13.

. - =N > Y A=A &
T B B E B EFE TN I AR R 5k
SRR 12 Amer 2 EEREE L2 X 2
(LAERH TR AR % 5 TR, T4 M 510641
2 M HEEEE T ARAR], T4 T 511447)
FEEE « i o T A AR 7 B A 4 AR U O BF 90, 0 7 0 b e O 5 AR 1 053 R VP 5 L«
PR T T P B B TR S 7 IR ), e E 4 S i T2 R M7 1 e T 7 R0 5 S R 3 £ s ol 7 v,
Xt 336 7 2 A T 7 92 e R AT AW R S o ke T B A T A R SR TR I o Bk, 4 SR D 3 1 1
HUBE MO HLERRTFE, oAk SO A TR FE R B3, b2 TR R LA B B2 4 s 0 R0 T v 1 o T A A
GRS, (I 4 e i FE I e (LB AR B A, B T A 75 (S AT 1 B (I IR S i
KEBIR): MBI, ABREGR, TR
FE5SES: TP206.3 HAFRERS: A
DOI: 10.3969/j.issn.1674-2605.2024.05.001

MBS 1674-2605(2024)05-0001-10
FFRIREL

Overview of Fault Prediction Technology for Vertical Elevators
YAN Mingming®? LI Ning? TANG Zimin? LIU Zhixue?

(1.School of Automation Science and Engineering, South China University of Technology, Guangzhou
510641, China 2.Guangzhou Guangri Elevator Industry Co., Ltd., Guangzhou 511447, China)

Abstract: To promote the research of fault prediction technology in the field of elevator maintenance, the latest progress and

research achievements of vertical elevator fault prediction technology are summarized. According to the different implementation

methods of vertical elevator fault prediction, it is divided into empirical model-based fault prediction methods and data-driven fault

prediction methods, and the characteristics of these two fault prediction methods are analyzed and summarized. In response to the

challenges faced by the development of vertical elevator fault prediction technology, future research on vertical elevator fault

mechanisms should be strengthened, data processing and feature extraction algorithms should be optimized, and fault prediction models

with excellent generalization ability and high accuracy should be further developed. At the same time, do a good job in accumulating

high-value data throughout the entire life cycle, providing a solid foundation for the continuous optimization of fault prediction models.

Keywords: fault prediction; elevator maintenance; elevator
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