= 4R IR

ASCSI R I, AL, B F A, 4 WU A BE AT A 258 0], H AL 5 45 B T F2,2024,45(3):1-10;15.
HU Cheng, CAI Yanguang, HUANG Jiacheng, et al. A review of ant lion optimization algorithms research[J].
Automation & Information Engineering, 2024,45(3):1-10;15.

B EIE AR ERIA

BAIR SRAEE G IR
(J"HRTIRZHBIMRE, T4 )7 510006)
T : ORI (ALO) i i ist AL 1 4R 3 oI 4H £ 100 05 PR A8 Lo T 52 s Fry — b R 7 3 R R
B TZRT SR, B AR FIRAE SR USRS B 4 8 5 UL A 1o, TR ALO BVAI
JREL AR RIS, MR ALO BIEIIZ RSk, B, 4R ALO BLEfE TRRUGT. N TERE. MR, &
NRGRA. b RGSHURI B, S, ﬁALo;%i/zal&ﬁeza, FHR H A U R SR T B IR 52 07 1D
FEEA): WO o R Gk

FESES: TP3016 XEMRERRD: A N EHRS: 1674-2605(2024)03-0001-11
DOI: 10.3969/j.issn.1674-2605.2024.03.001

A Review of Ant Lion Optimization Algorithms Research

HU Cheng CAI Yanguang HUANG Jiacheng ZENG Qingfeng
(College of Automation, Guangdong University of Technology, Guangzhou 510006, China)

Abstract: The ant lion optimization (ALO) algorithm is a novel metaheuristic algorithm proposed by simulating the hunting
mechanism of ant lions in nature. It is widely used in various optimization problems and has the characteristics of strong global
optimization ability, high convergence accuracy, and easy implementation. Firstly, briefly describe the principle and process of ALO
algorithm; Then, elaborate on the various variants of the ALO algorithm; Next, introduce the applications of ALO algorithm in
engineering design, artificial intelligence, computer science, power system optimization, control systems, and other fields; Finally,
summarize the ALO algorithm and propose suggestions and possible future research directions.
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