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Abstract: A relevance vector machine (RVM) model TD-JIT-RVM based on Time Difference-Just in Time is proposed to
address the issues of large time-varying and strong nonlinearity of process data in sewage treatment plants, and traditional offline
models are difficult to cope with changes in actual processing conditions. Extract the correlation between process variables through
Time Difference (TD) modeling, and solve the model degradation problem caused by time delay using just in time (JIT). The TD-JIT-
RVM model was used to analyze the simulation dataset and the real industrial dataset, and the results showed that the RMSE of the
model increased by 94.59% and 82.26% compared to the RVM basic model in both datasets, respectively.
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