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Detection Method of Transmission Line Fittings Defects Based on
Convolution Neural Network
QIU Jinyi'! REN Xinxin® CHEN Xi?
(1.Xinchang Xinming Industrial Co., Ltd. Zhejiang 312500, China
2.Changsha University of Technology, Changsha 410000, China)

Abstract: Aiming at the different types of defects of the fittings on the overhead transmission line, which are affected by the
climate, terrain and external force, a method for detecting the defects of the fittings on the transmission line based on YOLO V3
convolutional neural network is proposed. The YOLO V3 convolutional neural network is used to extract the characteristics of different
types of defects and make adaptive improvement to them. Identifying and locating the positions of these defects on the transmission
line can improve the accuracy and real-time of detection, timely detect line faults, ensure the safe and stable operation of the
transmission line, improve the efficiency of transmission line inspection and the intelligence of the power grid.

Keywords: transmission line fittings; YOLO V3 convolutional neural networks; defect detection
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